ISSN: 1004-9037
- T Journal of https://sjcjycl.cn
J I Data Acquisition and Processing DOLI: 10.5281/zenodo.7716473

AN ADAPTIVE TECHNIQUE OF COVID-19 PATIENT COUNT PREDICTION

Kishore Mishra,Dr Akash Saxena, Pawan Agarwal

Compucom Institute of Technology and Mangement,Jaipur

ABSTRACT: The virus that causes Covid-19 is quickly spreading around the globe.
Approximately every three to four times, waves are created that have a significant effect on
people's lives. It's unclear if this situation involves a lack of effective identification of covid
illnesses or any other illness. There is no reliable statistics on the total number of covid patients
in the nation, and no system exists to track them. This prevents people from receiving necessary
care and services. The number of patients in a given dataset may be determined with more
precision using Al methods. In this study, we provide an adjustable method for anticipating the
number of patients in Covid-19. A piece of software called python spyder is used to run the
simulation.
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L INTRODUCTION

The novel Corona virus SARS-CoV-2 was first seen in December 2019 and is expected to kick
off a pandemic of respiratory infection known as Coronavirus in 2020. This virus has already
proven itself to be a dangerous pathogen, with the potential to progress from mild to severe,
posing a threat to organ disillusionment and even death. There is good reason to be very
concerned about the consequences of this viral contamination, given the spread of the pandemic
and the increasing number of the altered instances and patients who develop significant
respiratory discontent and cardiovascular snares. Reasonable approaches to preventing and
resolving Coronavirus-related concerns at the negotiating table have been given considerable
study. While fighting an epidemic, researchers and leaders face another enormous challenge:
managing the vast amounts of data generated in the process.

Figure 1: Corona virus
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There is a family of RNA viruses called coronaviruses that may infect both mammals and birds.
They spread easily between birds and people, and may cause anything from a little cold to
death. Some instances of the common cold in humans (which is also caused by other viruses,
mostly rhinoviruses) are quite mild, but more severe cases may be caused by SARS, MERS,
and COVID-19. Bovine and porcine diarrhoea is caused by these viruses, whereas mouse
hepatitis and encephalitis are caused by them. Human coronavirus infections cannot be
prevented or treated since no vaccinations or antiviral medications exist at this time.

I1. METHODOLOGY
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Figure 2: Flow Chart
Steps-

1. The first step is to get the covid 19 patient dataset from kaggle, a source of huge
datasets and a repository for machine learning.
2. Now, use data preparation techniques, such as filling in blanks, label encoding, and
removing columns that aren't needed.
3. The dataset has been partitioned into a training and testing set. Seventy percent of the
information is used for training, while the remaining thirty percent is put to the test.
4. Use the dataset's feature selection to construct a forecast.
5. Use a machine learning technique based on long short-term memory (LSTM) to do
categorization.
6. Examine and compute the efficiency indicators.
Recurrent neural networks, of which LSTM-Long-Short Term Memory (LSTM) is a subtype,
excel in memory. Because of their superior ability to memorise specific patterns, LSTMs often
outperform other methods. Like other NNs, LSTM may contain a number of hidden layers,
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with just the useful information being retained and the rest being destroyed at each cell's
iteration. A typical LSTM unit consists of a cell, input gate, output gate, and forget gate. The
three gates control the entry and exit of data into and out of the cell, and the cell may store
values for an indefinite amount of time. Since there may be gaps of uncertain length between
crucial events in a time series, LSTM networks excel in classifying, processing, and making
predictions from such data. Long short-term memories (LSTMs) were created as a solution to
the vanishing gradient issue that might occur when training regular RNNs. A major benefit of
LSTM over RNNs, hidden Markov models, and other sequence learning approaches is its
tolerance for gaps of varying lengths.

III. SIMULATION RESULTS

The suggested approach is coded in python spyder 3.7. We are able to take use of the spyder
environment thanks to libraries like sklearn, numpy, pandas, matplotlib, pyplot, seaborn, and
0s.
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Figure 3: Dataset
The KDD dataset is shown in Figure 3. There are a total of 1157 records in this dataset,
organised into the following seven columns: Date, Cases, Deaths, Recovered, Travel history,
Province, City.
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Figure 4: Validation model (Epoch=5)

In figure 4, we see the validation model at epoch 5, together with the corresponding training
and testing loss. As can be seen in the diagram, the testing model has lower model loss. As a
result, the suggested paradigm is more successful..
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Figure 5: Validation model (Epoch=200)

o

Figure 5 is showing the validation model at the variable epoch, here epoch value is 100 and
200 respectively.
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Figure 6: Visualization of patient count
Figure 6 is presenting the visualization of the covid-19 patient count result graph. It is clear
from this graph, various patient count with respect to the recovered patient is optimizing.
Table 1: Result Comparison

Sr. Parameters Previous Work Proposed Work
No. (1]
1 LSTM Unit 15 10-50
2 Epochs Upto 100 Upto 200
3 Batch Size Upto 15 Upto 200
4 Features NA Original 5, Reduced 3
5 Mean 49% 30.55%
Percentage
Absolute Error
IV. CONCLUSION

This paper presents an adjustable method for anticipating the number of patients in Covid-19.

Python's spyder environment is used to develop long short term memory (LSTM) methods.
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The dataset used here was downloaded from the machine learning competition website
kaggle.com. The performance of the suggested method is superior than that of previous efforts.
We consider LSTM counts between 10 and 50 in the suggested model. Up to 200 people may
be added to a batch. There may be as many as 200 epochs, and the mean percentage absolute
error is now 30.55 percent, down from 49 percent in the prior model. The simulation results of

the current work and the proposed work show that the suggested work significantly improves
upon the existing work.
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